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Al agents lead
the latest wave
of business
intelligence

O

Enterprises use business intelligence to assess opportunities and threats,
inform strategy, and adopt the best tactics. By adding generative and
agentic artificial intelligence (Al) with access to comprehensive data,
business intelligence now brings greater detail to analyses and greater
clarity to insights. The result is more effective decisions for multiple
settings with the additional ability to use agentic analytics to trigger
business actions independently.

Alis not new to business intelligence (BI). Over the past ten years or so,
Alin the form of machine learning (ML) and robotic process automation
(RPA) had already amplified business intelligence’s capabilities. What is
new now is how generative and agentic Al have multiplied its abilities and
removed obstructive conventions.

Salesforce, a global leader in cloud-based customer relationship
management (CRM) software, is using Al to shift Bl to a higher tier as an
enterprise tool. Parker Harris, Co-Founder and CTO, has described the
agentic era as “probably the biggest revolution, the biggest transition in
technology that I have ever experienced in my career of more than 30
years."’

With agentic Al, discovering insights and putting them into action is easier
and faster. The new agentic element fundamentally improves users’
interactions with business intelligence systems and the quality of insights
they can extract. It reduces human intervention needed across the Bl
lifecycle, since agentic Al Bl has the power to make autonomous business
decisions based on its own discoveries in data.

'Michael Nuriez, VentureBeat, Salesforce bets on Al ‘agents’ to fix what it calls a S7 billion problem in enterprise software, October 13, 2025
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https://venturebeat.com/infrastructure/salesforce-bets-on-ai-agents-to-fix-what-it-calls-a-usd7-billion-problem-in

The early waves

IBM and Siebel developed the first Bl systems in the 1970s, but digital
data-driven business intelligence really began to shine in executive
decision-making in the 1990s. The convergence of operational data stores
(ODS), enterprise data warehousing (EDW), data mining and analysis, and
enterprise resource planning (ERP) made this possible. Global businesses
used systems such as SAP R/3 and Microsoft SQL- Server Reporting
Services (SSRS) to uncover patterns and trends.

They applied this knowledge in supply chain optimization, customer
segmentation, management incentivization, and financial forecasting.
However, the technology had significant shortcomings. Reports and
analyses required long development cycles and dependence on IT teams,
which caused workflow bottlenecks.

’Structured Query Language: a relational database programming language.
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Sharper insights
from the cloud

A relatively low-cost, cloud-based storage environ

The next wave of progress for business intelligence occurred between 2000
and 2015 and was driven by visualization tools such as BusinessObjects,
Tableau, and Qlik. Combined with the earlier technologies, they significantly
improved production speed and the interpretability of Bl reports for non-
specialists, especially C-level management.

Cloud-first platforms such as Power Bl and Tableau were easier to scale and
more reactive to changing conditions. Their ability to use data lakes’ made
them well suited to handling proliferating structured and unstructured data.
Though they were by then less complex for non-BI specialists, users still
faced a significant learning curve before they could extract the information
they sought.

Agentic Al suite for business intelligence transformation
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Simplified
interaction with
agentic experts

Business intelligence has evolved significantly with the shift to agentic Al
The core concept is the orchestration of a large language model (LLM)
with many sub-agents working as specialized tools. With a multi-agent
architecture, each Al agent has a specific task, such as data unification,
report production, or analytics, and cooperates with others to fulfill users’
requests.

Generative Al and natural language processing (NLP), integrated with
enterprise data, have transformed the user interface and experience. A
user can communicate in their own language to interrogate enterprise
data. Previously, they had to understand a Bl tool’s specifics, such as
dashboards, KPI cards, and other metrics.



Interrogation
becomes
dialogue
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A specialist Bl multimodal Al agent can capture structured information,
such as customer records, transaction logs, and financial data; and
unstructured data, such as text, speech, images, and video.”

Setting the scope of this data acquisition in an agentic framework means
fine-tuning a semantic layer’ and pointing it to the correct data. The
model can interpret all of this for analysis and conversion to insights.®
Unlike traditional Bl tools, which analyze data sources in siloes, this model
uses data fusion to correlate context-relevant insights and make them
easier to interpret.

The move to a fluent “dialogue with data” is more productive, reducing
search time from ten to two minutes.” It can also generate contextual
prompts to users for follow-on actions.

Multimodal Al systems

/9 Alignment

‘Data Science for Managers, Multimodal Al in Business Intelligence, August 26, 2025
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/BM, Structured vs. unstructured data: What's the difference? 2025

*Semantic layer: a user-friendly interface between complex data sources and business objects. “According to a Capgemini client engagement.
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https://www.datascienceformanagers.com/multimodal-ai-in-business-intelligence/
https://www.ibm.com/think/topics/structured-vs-unstructured-data

Insights
transformed

Automated narrative generation through natural language generation (NLG)
makes it possible to move from user interpretation of charts and dashboards
to Al agent-led insights. Platforms such as Olik and SAP Analytics Cloud
enable Gen Al-powered analysis of unstructured data, such as PDF invoices.
These become the basis for an agent to identify and describe trends, e.g.,
“Sales declined by 12% in Q3, primarily due to reduced performance in the
Northeast region caused by supply chain delays.”

Agentic Al insights are clearer and more immediate, making them easier for
decision-makers to apply to tactical or strategic decisions.


https://www.qlik.com/us
https://www.sap.com/products/data-cloud/cloud-analytics.html

Moving to
proactive decisions

Agentic Al improves the timeliness of BI. Until recently, business

‘ intelligence was reactive, backward-looking and based on existing,
static data. Agentic Al brings fast, reactive capability to KPI cards on an
inventory dashboard.

When a KPI metric reaches a pre-set limit, this can trigger an alert, or an
automated reaction. For example, with a KPI such as vendor fill rate,? if
the rate drops below a predefined threshold, this could prompt an agent
to switch supplier.

“Vendor fill rate: a supply chain KPI that measures the percentage of customer orders that a vendor can
fulfill from available stock without backorders or delays.

Agentic Al suite for business intelligence transformation e
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Al agents for smarter
data and reporting

A key benefit of agentic Al for Bl is how previously time-intensive

‘ manual work can be automated. Until recently, manual intervention ‘ Agentic Al Bl platforms can automate:
was necessary for data cleaning and report generation. Al agents

trained for smart data preparation can take on the most laborious

tasks, including data preparation, data migration, and report

modernization. Automation offers significant productivity gains with

high volumes of data.

Report creation
Data analysis code generation
Data anomaly detection

Improvements in data quality can deliver impactful, long-term savings, Proactive monitoring

since bad data is estimated to cost 15% to 25% in revenue.” Once data
is transformed, a multimodal agent with computer vision can test and
validate reports from source to output.

VIV VY

Synonym generation to interpret users’ queries

°Thomas C. Redman, Seizing Opportunity in Data Quality, MIT Sloan Management Review, November 27, 2017
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Industrializing
and scaling

Scaling an enterprise to a global multi-agent Al architecture first requires ’
industrialization, since Al agents can be deployed across the whole
business intelligence lifecycle.”” This standardizes, operationalizes, and

embeds agentic Al into repeatable workflows

Decisions made at this stage determine future return on investment. They
affect which tasks, functions, and systems should be transformed into ‘
agentic Al execution, and which should continue with existing efficient,

cost-effective technology, such as RPA and ML.
) M .
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Sebastian Taylor, Corporate Finance Institute, , January 5, 2023.


https://corporatefinanceinstitute.com/resources/business-intelligence/bi-cycle/

Agentic possibilities of scale

A multi-agent business intelligence system is modular, with specialized
agents handling data preparation, semantic modeling, visualization, and
predictive analytics. This structure suits scalability and adaptability across
business units. Since most large enterprises already have products and
services from established vendors, blending them with agentic Al via an
“orchestration layer” is pragmatic.

The enterprise Al model for Bl cuts workflow cycle times and
enables self-service where it was previously not possible.”
Real world implementation’ delivered benefits including:

>

VY vV 9

Reduced response to complex queries within 10-12 seconds with
approximately 95% accuracy

Reduction in manual effort of approximately 80-85% for simple reports
and 75-80% for reports of medium complexity

Query search time reduced from 10 to 2 minutes in comparison with
conventional search methods

Report generation efficiency increased by more than 30%, with 25%
cost reduction

Up to 80% reduction in monitoring and optimization manual testing time

""Ryz Labs, Best Engineering Metrics for Al Development Teams, January 10, 2026

?Source: Capgemini client engagements for a global energy utility and drugs and chemical company.

O

Agentic Al suite for business intelligence transformation 12


https://learn.ryzlabs.com/ai-development/best-engineering-metrics-for-ai-development-teams

The agentic Al business
intelligence ecosystem

| Global agentic Al architecture exists as part of a thriving ecosystem supported by
a network of strategic partners. They are vendors with proven success with the
technologies that they provide, which can encompass:

Data discovery and source mapping Report migration and transformation Report generation
& ogle Clc ~ databricks and aWS_, strands agents A akira? and itei i‘ Copilot
Insights discovery and analysis Report distribution and alerting

S & L] - . +74

S Sﬂo‘gg'ri'gi watson m and servicenow. ® @) Copilot and *

Lo aCF

Eitein

Monitoring and optimizing Al usage analytics Governance, compliance, and security Agentic workFflows

A

35S snowflake watson :}:{: snowflake” servicenow.
Cortex
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Governance, trust,
and risk management

The power, independence, and sophistication of agentic Al-enabled
business intelligence increase systemic complexity and risk. Governance
principles and constraints are secure by design, so that robust trust
principles permeate the whole structure. Because agentic systems
plan, act, and make decisions autonomously, governance and security
evaluations are essential to assess how agents behave, the data they
access, and their safety.

Before organizations let autonomous agents act on their Bl systems, they
should be confident that they are not about to enable data exfiltration,
toxic actions, or policy violations.

An audit-ready evaluation should demonstrate that agents comply with
company policy, the law, and their organization’s original intent.”

BTm Forum, 1G1463 Security Considerations for Agentic Al in Autonomous Networks v1.0.0



https://www.tmforum.org/resources/introductory-guide/ig1463-security-considerations-for-agentic-ai-in-autonomous-networks-v1-0-0/

System hardening
before deployment

Architects use system hardening to
protect agents from potential attacks,
including identity spoofing —where
attackers exploit weak authentication
to impersonate human users or Al
agents to gain unauthorized access,
issue harmful actions, or blend into
trusted multi-agent workflows without
detection. This means reducing

the attack surface, using strong
authentication and access control,
finding and eliminating vulnerabilities,
and blocking malicious updates.

Organizations such as the European
Union Agency for Cybersecurity (ENISA)
and the United States’ National Institute
of Standards and Technology (NIST)

NIST, Al Risk Management Framework, January 26, 2023

NCSC, Guidelines for secure Al system development, 2023

4

offer frameworks to manage Al risks.’
The UK’s National Cybersecurity and
Infrastructure Security Agency (CISA),
with many other national bodies

and technology industry partners,
make recommendations for secure
deployment of agentic systems in
business intelligence.”

Prompt injection, goal hijacking,

and memory poisoning can be used

to manipulate agents into harmful
action such as silent data exfiltration.
Over-privileged Al identities and unsafe
tool access can rapidly make breaches
high-impact. The spectrum of media
available to multimodal inputs expands
the attack surface. Agents’ ability to

act independently increases the risk
of data leakage, misuse, and rogue
decision-making.

The Microsoft Power BI/Fabric and
SAP Analytics Cloud platforms include
controls to restrict risky agent tool use,
e.g., preventing an agent from covertly
exfiltrating data to external recipients
in response to prompt injection,
unapproved data movement, or data
leakage. Microsoft Purview Data Loss
Prevention (DLP) provides enterprise-
level systemic protection for agentic
Al risks.

OO


https://www.nist.gov/itl/ai-risk-management-framework
https://www.ncsc.gov.uk/files/Guidelines-for-secure-AI-system-development.pdf
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Model
explainability

Multi-agent pipelines, complex reasoning layers, and dynamic autonomy
make transparency difficult, creating an interpretability paradox: the
more sophisticated an agent, the harder it is to explain its actions.’”®
Explainability is critical for identifying bias and tracing errors, particularly
in highly regulated domains such as finance and health.

An Al system’s decision-making process should be transparent,
interpretable, and understandable to build trust with stakeholders.



https://blogs.sas.com/content/sascom/2025/03/24/beyond-the-black-box-how-agentic-ai-is-redefining-explainability/

Cybersecurity

7Python Risk Identification Toolkit

Routing logic: the decision-making layer that directs a request.

Stress testing a system by simulating attacks at different layers of the
system is known as red teaming. It tests for vulnerabilities such as prompt
injections, jailbreaks, and data exfiltration, using tools such as garak, an
LLM vulnerability scanner supported by NVIDIA, and PyRIT, developed by
the Microsoft Al Red Team.””

Ared team also reviews workflows for routing’ and validation logic.
Agents are tested for vulnerability to “spoofing,” conforming to
boundaries, and whether they can be manipulated and made to “infect”
other agents. System architects can implement guardrails and adapt
prompts to mitigate the breaches that they have found.

Agentic Al suite for business intelligence transformation @
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Use case: Migration from Tableau to
Power Bl using a generative Al-enabled
report conversion protocol accelerator
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The client

A financial institution sought to
accelerate the migration of 6,000
Tableau business intelligence
reports to Power Bl reliably,
efficiently, and cost-effectively.

Challenges

O Both Tableau and Power Bl store
the semantic (translation and
governance) layer and reporting
layer data in proprietary formats.

© Power Bl does not have a software
development kit (SDK), nor an
application programming interface
(API) to allow programmatic, i.e.,
automated report generation. This
makes migration projects complex.

© Manual replication is typical in this
situation, but is error-prone and
time-consuming.

"“Constructs: data sources and connections, semantic/data models (logic layers), reports and dashboards, workflows and
processes, security models and permissions, custom code or scripts, metadata, documentation, and business definitions.

Automating the migration of
Tableau reports to the Power
BI format.

Migrating the business
intelligence semantic/data model
and the reporting/visualization
layers with a reliable, efficient,
and cost-effective process.

Generating a migration summary
report that documented

the constructs identified in

the Tableau source and the
equivalents’”” generated in the
Power Bl target for auditing and
documentation purposes.

O

Gain points

o

Executing a Gen Al-enabled report
conversion protocol-based migration of
six reports — two simple, two medium, and
two complex — as a proof of concept of
automated migration. This led to a 50%
saving in effort across all report types.

Developing an Al reader agent to
process the Tableau source reports,
extract relevant details, and saveitin a
common metadata layer.

Creating an Al writer agent to convert
metadata details to the target format.

Using an LLM for the conversion of
Tableau-calculated fields to the equivalent
Power BI DAX expressions.

Generating a migration summary report to
capture the overall migration activities for
documentation and auditing.

Agentic Al suite for business intelligence transformation 19



What agentic Al
means for business
intelligence

An agentic Al suite for business intelligence moves the power of data
insights closer to an enterprise’s strategic and tactical decision-makers.
By automating data preparation, enabling conversational analytics, and
integrating advanced visualization and predictive capabilities, businesses
can accelerate value creation.

With wider availability of business intelligence, insights are more
accessible to decision-makers. As adoption of agentic Al increases,
transformed Bl processes will enable faster, smarter decisions for
competitive advantage.

Agentic Al suite for busine
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Why Capgemini?

Capgemini's own Reliable Al Solution Engineering (RAISE) platform is a
modular platform for building, integrating, and operating agentic and
generative Al at scale. It accelerates evolution from experimentation to
production by providing governance, cost control, trust, and lifecycle
management. In doing so, it enables organizations to deploy Al agents
and workflows reliably across cloud environments, integrated with
data, tools, and the surrounding IT ecosystem.




Experts to contact

Bikash Dash

Agentic/Gen Al Practice Lead
DSA, Insights & Data
Capgemini India

Shrikant Hebbar

Lead Bl Practice
Insights & Data
Capgemini India
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Mark Oost

EVP
Al & Analytics
Capgemini
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http://bikash.ranjan-dash@capgemini.com
http://shrikant.hebbar@capgemini.com
http://mark.oost@capgemini.com

About Capgemini

Capgeminiis an Al-powered global business and technology transformation partner, delivering
tangible business value. We imagine the future of organizations and make it real with Al, technology
and people. With our strong heritage of nearly 60 years, we are a responsible and diverse group of
over 420,000 team members in more than 50 countries. We deliver end-to-end services and solutions
with our deep industry expertise and strong partner ecosystem, leveraging our capabilities across
strategy, technology, design, engineering and business operations. The Group reported 2025 global
revenues of €22.5 billion.

Make it real | www.capgemini.com

© 2026 Capgemini. All rights reserved.
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